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Community-based financial institutions face a dizzying array of issues spanning economic challenges, changing 
market conditions and regulatory pressures. Their response to these challenges? Double down on improving 
efficiency and managing noninterest expenses and costs.

In Cornerstone’s annual What’s Going On In Banking study, the percentage of bank and credit union executives who 
said efficiency, noninterest expenses and costs were a top priority nearly doubled between 2023 and 2024, from 
29% to 53% (Table A).i

In their pursuit of greater efficiency and growth, many financial Institutions are looking for efficiency improvements 
within their lending operations. Lenders can see where changes are needed, but many lack confidence in their lending 
capabilities and have not made the investments and changes in automation and new data sources required to transform 
their lending processes.

To understand the state of lending processes and the use of loan automation technology in community banks and 
credit unions, Cornerstone Advisors surveyed senior executives responsible for lending within community-based 
financial institutions. This report delivers insights and reveals opportunities to improve loan processing to achieve 
enhanced operational lending performance.

The Lending Efficiency Imperative

Table A: Bank and Credit Union Execs’ Top Concerns, 2021 to 2024

Percentage of Banks and Credit Unions Listing Their “Top Concerns”

Source: Cornerstone Advisors 

2021 2022 2023 2024

Cost of funds 8% 9% 45% 70%

Efficiency, noninterest expenses, costs 31% 36% 29% 53%

Interest rate environment 55% 46% 56% 49%

Deposit gathering 48%

New customer/member growth 33% 34% 30% 48%
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To understand the state of consumer lending in community banks and credit unions, the survey captured executives' 
perspectives on several aspects of the lending environment, including 1) credit models and data, 2) auto-decisioning, 
and 3) the use of artificial intelligence (AI) in the lending process.

Credit Modeling and Data

Nearly 9 of 10 community banks and credit unions have at least one credit model for consumer lending. Just 10% 
believe that theyʼre industry-leading or innovative in their approach to credit modeling—54% said theyʼre “managing,” 
and 36% said theyʼre “reacting.” In fact, just 13% said theyʼre very prepared to adapt credit models to changing 
market conditions.

Roughly a third have a single model or scorecard per credit product or line of business, 1 in 5 has a single model/
scorecard for their entire loan portfolio, and the remainder take a hybrid approach. Nearly two-thirds of respondents 
rely on a syndicated score from FICO or VantageScore, a quarter have custom models built in-house, and 1 in 5 rely 
on their primary loan origination system (LOS) provider (Figure 1). 

The State of Consumer Lending in  
Community-Based Financial Institutions

Which are the primary sources of your current credit models? 
(select all that apply)

Figure 1: Sources of Credit Models

Source: Cornerstone Advisors
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Model(s) supplied by primary LOS provider
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Custom models built in-house
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Which of the following nontraditional sources of data  
does your organization use in its credit models?

How satisfied are you with the availability of data for credit modeling?

The use of nontraditional data is growing in community-based financial institutions. Two-thirds use at least one 
nontraditional data source, with employment history and deposit account transaction patterns being the two most 
popular nontraditional sources (Figure 2).

Satisfaction with the availability of credit data isnʼt anything to write home about—just 13% are very satisfied, and 
61% are somewhat satisfied (Figure 3).

Figure 2: Use of Nontraditional Data Sources in Credit Models

Figure 3: Satisfaction with Availability of Credit Data

Source: Cornerstone Advisors

Source: Cornerstone Advisors
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How difficult is it to make updates to your organizationʼs credit models?

Approximately how long does it typically take your organization  
to build and validate a new credit model?

Nearly two-thirds, however, admit to having difficulty updating their organizationʼs credit models (Figure 4).

The cycle time for developing and deploying new credit models varies widely across institutions. While 35% of institutions 
say they build and validate a new credit model in a month or less, more than half said it would take them six or more weeks 
(Figure 5). Roughly similar percentages of respondents said the same for deploying new credit models (Figure 6).

Figure 4: Difficulty Making Updates to Credit Models

Figure 5: Time to Build a New Credit Model

Source: Cornerstone Advisors

Source: Cornerstone Advisors

37%

49%

14%

Not at all difficult Somewhat difficult Very difficult

10% 6%
19%

10%
23%

31%

1–2 weeks 2–4 weeks 4–6 weeks 6–8 weeks



Achieving High-Performance Lending 5

Approximately how long does it typically take your  
organization to deploy a new credit model?

Figure 6: Time to Deploy a New Credit Model

Source: Cornerstone Advisors

How prepared is your organization to adapt credit models to changing market conditions?

Overall, just 13% of financial institutions say they are very prepared to adapt their credit models to changing market 
conditions with 35% somewhat or very unprepared to do so (Figure 7).

Figure 7: Credit Models Preparedness

Source: Cornerstone Advisors
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Auto-Decisioning

Roughly 8 in 10 institutions generate automated loan underwriting decisions. Of those that do, the percentage of 
loans auto-decisioned varies greatly—nearly 3 in 10 institutions are auto-decisioning more than 40% of loans across  
all lines of business. At 40% of institutions, 20% or fewer loans are auto-decisioned (Figure 8). 

Nearly half (47%) of the institutions doing auto-decisioning review no more than a quarter of the auto-decisioned 
loans, but 1 in 5 manually review nearly every loan (Figure 9). 

On average, across all business lines what % of loans are auto-decisioned?

Of the loans auto-decisioned, what % are manually reviewed for accuracy?

Figure 8: Percentage of Loans Auto-Decisioned

Figure 9: Manual Review of Auto-Decisioned Loans

Source: Cornerstone Advisors

Source: Cornerstone Advisors
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For two-thirds of the survey respondents, the manual review of auto-decisioned loans takes less than half an hour, 
but for a handful of institutions, the process takes more than an hour (Figure 10). 

Overall, just a quarter said the staff in their organizations are very confident in the output from automated 
decisioning, with 6 in 10 indicating that staff was only somewhat confident (Figure 11). 

For manually reviewed loans, what is the average time for review?

How confident is origination staff in the automated decisions  
output from the current credit models?

Figure 10: Time to Review Loans

Figure 11: Confidence in Automated Decisions

Source: Cornerstone Advisors

Source: Cornerstone Advisors
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AI in Credit and Lending

For all the hype in the press about artificial intelligence technologies, just 13% of community-based financial 
institutions have deployed the technologies in their credit and lending processes, while 3 in 10 donʼt even have 
the technologies on their radar (Figure 12). 

To what extent have artificial intelligence technologies been 
deployed within your credit and lending processes?

What concerns do you have regarding the use of artificial intelligence 
in regards to credit modeling? (Select all that apply)

Figure 12: AI Deployment in Credit and Lending

Although 80% of respondents believe that AI technologies can and will improve the credit and lending processes, 
many still have concerns with regulatory scrutiny topping the list (Figure 13). 

Figure 13: AI Concerns

Source: Cornerstone Advisors

Source: Cornerstone Advisors
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Despite their concerns, many institutions are planning significant investments in AI technologies to support their 
credit and lending processes (Figure 14). 

Over the next three years, how much will your organization  
invest in AI-driven (i.e., machine learning) models?

Figure 14: AI Investment Plans

Source: Cornerstone Advisors
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With the challenges related to credit modeling, automation and auto-decisioning, few community-based financial 
institutions consider themselves very effective at easily staying compliant, increasing decisioning automation, 
identifying missed origination opportunities and assessing thin files (Figure 15). 

Paradoxically, just 18% of institutions plan to make significant investments or enter into strategic partnerships to 
enhance their credit modeling and loan decisioning capabilities (Figure 16). 

The Credit and Lending Paradox

How effective is your lending organization at achieving the following?

Over the next three years, how does your organization plan to  
invest in new credit modeling or advanced decision tools?

Figure 15: Overall Lending Effectiveness

Figure 16: Credit Modeling and Decisioning Investment Plans

Source: Cornerstone Advisors

Source: Cornerstone Advisors
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The Use of AI Technology in Lending

Itʼs amazing—and not in a positive way—that financial institutionsʼ use of technology for lending is lacking. A 2022 
study by Visa of 13 issuers of small business credit found that seven of them had a completely manual underwriting 
process—a percentage unchanged from what the Payments Network found in a 2010 underwriting study. The more 
recent study found that:

“Those [lenders] that do automated decisioning were generally able to auto-decision roughly 50% to 60% 
of application volume, which drove a more consistent level of decisioning speed and cost reduction while 
maintaining a stable level of risk performance. The opportunity to automate credit decisioning across 
multiple channels (e.g., branch, mail, digital, mobile, call center) could translate to higher penetration rates, 
lower cost of acquisition, stable risk performance and consistent adherence to regulatory expectations 
when evaluating beneficial owners or guarantors.”

The use of technology and automated decisioning will increase for (at least) two reasons:

• �Efficiency.�The efficiency gains for automated decisioning are substantial. According to benchmark data from 
Cornerstone Advisors, the number of loan applications reviewed per underwriting full-time equivalent (FTE) 
employee per month is 3.5 times greater among institutions that use automated decisioning than those that don't.

•  Effectiveness. According to Qamar Saleem, CEO of the SME Finance Forum, “The emerging use of machine 
learning models has the potential to increase credit access by more accurately identifying applicants who are 
likely to repay loans and to reduce the number of people given loans that they are unlikely to repay.”ii 

Thereʼs also little doubt that artificial intelligence (AI) technologies like machine learning will be a big part of the 
increase of technology in lending. The adoption of these tools and technologies will present several challenges to 
financial institutions: 

•  Explainability. Understanding how and why a model arrives at a particular decision or prediction can be 
difficult. Lenders must ensure explainability (i.e., why a model produces the results it does) in their machine 
learning models to comply with regulatory requirements, address customer inquiries and maintain trust. 
Financial service providers cited explainability as the top barrier to adopting machine learning. 

•  Transparency. As Saleem commented, “The black box nature of many machine learning models has focused 
attention on model transparency as a critical threshold question for both lenders and regulators.” Machine 
learning models for credit decisioning need to be transparent about how they are making decisions and the 
reasons certain applicants are denied credit or obtain different interest rates than others. 

Using AI to Drive Lending Efficiency
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• �Data�availability�and�quality.�Reading Cooperative Bank President and CEO Julie Thurlow pointed out that a 
challenge with machine learning is the accuracy, security and availability of the data that feeds machine learning 
models. Machine learning models rely on large volumes of high-quality data for training and validation, and 
banks and credit unions may be challenged to access and aggregate diverse and relevant data sets. 

•  Model�validation�and�bias�mitigation.�Models must be thoroughly evaluated to ensure they do not perpetuate 
biases, discriminate against certain demographics or exhibit unfair behavior. Establishing robust validation 
processes and addressing bias concerns are essential to ensuring fair and responsible lending practices. 

One community bank executive told Cornerstone about the challenges faced by smaller financial institutions: 

“We always feel we’re way behind the curve when it comes to emerging technologies like machine learning. 
Our executive team is smart, and we watch what’s going on in the industry, but we feel like we don’t have 
the resources to really be state-of-the-art. That’s why we rely so heavily on third-party vendors. If these 
vendors aren’t coming to us with these solutions, then there’s no real avenue for us to do it ourselves.” 

Because of this vendor dependency, financial institutions must trust that their selected partners remain compliant  
on an ongoing basis. The chief lending officer at a midsize credit union explained the reality faced by lenders reliant 
on vendor partnerships: 

“Making sure everything’s in place and that we’re compliant is what we worry about. We’ve had regulators 
come in and say, ʽWhen you use this model for these loans, how do you know the decisioning engine is 
reflective of what you’re looking for and how you treat your members? Is it being disparate to certain 
economic classes?’ As the lender, we have to answer all those questions. We don’t always know the 
answer because we depend on our vendor for the model.” 

These are not new challenges, however—they’re the same challenges financial institutions face with manual  
(i.e., human-based) loan underwriting. Leveraging machine learning models provides benefits for lenders, including: 

1)�Improved�credit�risk�assessment.�Machine learning models can analyze large volumes of data and identify 
patterns and correlations that may not be apparent through traditional methods. By incorporating alternative 
data sources and nonlinear relationships, these models can generate more accurate and comprehensive credit  
risk assessments, enabling lenders to make more informed lending decisions and better manage risk. 

Machine learning models can segment borrowers based on their risk profiles, allowing lenders to offer more 
tailored pricing and underwriting strategies. By more accurately differentiating between low-risk and high-risk 
borrowers, lenders can optimize their loan offerings, potentially attracting quality borrowers while mitigating  
the risks associated with higher-risk applicants. 

The Consumer Financial Protection Bureau’s No-Action Letter Program showed that machine learning with 
alternative data approves 23% to 29% more applicants compared to traditional models and lowers the average 
annual percentage rate by 15% to 17% for approved loans. The expansion of credit access occurred across all 
tested race, ethnicity and gender segments. 
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2)�Efficient�collections�and�loss�mitigation.�Focusing on collections and loss mitigation becomes crucial in a 
down lending environment. Machine learning models can analyze borrower behavior, payment patterns and 
external factors to identify early warning signals of potential delinquency or default. By proactively targeting 
borrowers who may face financial difficulties, lenders can implement effective collections strategies and mitigate 
potential losses. By using machine learning to identify the optimal treatment and contact strategy for each 
delinquent account, financial institutions can reduce their net charge-off losses by 4% to 5% (Figure 17). 

Figure 17: Machine Learning Impact on Collections

Source: McKinsey Consulting
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A few community banks and credit unions have the key components in place to pull ahead of the pack regarding 
lending. They have confidence in their loan origination capabilities to allow them to meet performance targets and 
react to market conditions. This research demonstrates that most lenders struggle to obtain high efficiency and hit 
performance targets. Institutions willing to make the investment or a continued investment toward high performance 
need to consider the following questions:

•  Do you have members of your team who can identify what is not working to achieve high 
performance in your lending operations?

•  Do you have the right partners/vendors to deliver the performance you seek?

•  Are you operationalizing your new and improved lending capabilities to minimize or eliminate 
manual reviews?

•  Can you update your credit models to changing market conditions and new strategic priorities?

The pressure to deliver improved efficiency will not abate in the coming years. Unfortunately for some institutions,  
it could lead to an outcome where they are forced to merge or sell their institutions. However, some institutions with 
the right capabilities in place will sprint ahead of the pack. What is clear is that a change is needed for most lenders at 
community banks and credit unions. 

A Plan to Win
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For more than 20 years, Cornerstone Advisors has delivered gritty insights, bold strategies and data-driven  
solutions to build smarter banks, credit unions and fintechs. From technology systems selection and implementation 
to contract negotiations, performance improvement, vendor management, strategic planning, and merger and 
acquisition services, Cornerstone combines its expertise with proprietary data to help financial institutions thrive 
in today's challenging environment. 

Since 2009, Zest AI has been pioneering and perfecting AI technology with a mission to broaden access to 
equitable lending with smart, inclusive and efficient AI-automated underwriting. A proven partner to credit unions 
and other lenders with over 500 active models, Zest AI has been helping clients decrease risk and boost equity 
throughout the lending process to build durable businesses. Offering innovative, intelligent solutions across 
underwriting, fraud, portfolio insights and more, this U.S.-based CUSO is headquartered in Los Angeles, Calif. 
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i  www.crnrstone.com/whats-going-on-in-banking-2024

ii https://bit.ly/Uplinq_FairAccessibleCredit_CornerstoneNew

Endnotes
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